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% AOGS Session Layout

Kamide Lectures, Distinguished Lectures, Axford Lectures, Medal Lectures,
Lectures .
Special Lectures
Atmospheric Science (AS), Hydrological Science (HS),
Scientific | Interdisciplinary Geoscience (IG), Planetary Science (PS),
Program | Others (Ocean Science (0S), Solid Earth (SE), Solar & Terrestrial (ST)
sciences, Biogeoscience (BG), Special Session (SS))




O [APCC & Y 3 AH 9H]

- A&7l g 19 A ER F 5 Rdy 190 22H Ha
(1)
temperature predictions (where can we use maximum temps if deep learning makes
them more predictable?) (483, Aug 01, 5% 2 H)
> (9F) ATt Fed 7Iere] ookt 7] RR(CNN, CNN-LSTM, U-Net
7] HTMAX) A5 A=ZES o7l Hdll = 7I4(Fx, v, #2428, 287)=
WRog BE orE oA ACCZE ATEA SFAE. ECMWF-S2S o oA =
KMA-S2S o Z0ld: AE|a R A0 RE 2lcelelo] ) RS B S B 1)
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Neural network ensembles enhancing Sub-Seasonal to Seasonal maximum
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1) Lectures

O HS Kamide Lecture [HS =AF7Z}A, 7€299]. Dr. Xiaogang HE, National University of

Singapore

- Catalogue, Connection, and Complementarity: Are Droughts and Floods Two Sides of
the Same Coin?

- Pte>&4 349 4Y) Jtedt Bt 2R dA S A & OHKE SHY gAY o
29 dder Hu, olF F¥ALC=R olsisty wst= wwol izt A waed. 3¢ —
Catalog: & A|7+4, 71719 %‘1% 7te&4 HlolEHo] & F55ta, Connection: 7t &
27F AR SRt of2 A de AZAEHY A=A 4T, Complementarity: 845 |5}
22 ARl 7te slad &8ste 5 AdS Aoz Agtshks IS Aoter A (23 7).
eE 239 © oo IS VAL A5 59, MEEd=ol 2 meiE da dE E9H A
AAIY] 7t 25 &E55 FUsIA e, €8 AIFolA gl 5o] ofqYAlL Q2. Ztgo] 8¢ A$
3971 7b97h WS 83 Rampancy ) AR, A A9l 30 fiiol B AA W2
Alojo] AA SojEw glg AR T4 Al WS 2S AstrR AN 7hE Alo] Hgst
‘Flood Managed Recharg Ak A5, ZHelmuo}l AIE &Aoo 2 7|5 WHalrt A5k A
49 0x]= Akt =AX] AAEA At DSt HAlzg]d & T2 AW 5 A" 2EE &
8ol A% Y ABeold L ANsrE NAMA 714 oI5 AT AAE AL YE el
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2) Scientific Programs
O SS01 5HAIA (7431%)
[AI in Weather and Climate Prediction: Progress, Challenges, and Outlooks]:

(@7

- Advancing Global Weather Prediction: an Al-driven Data Assimilation Framework an
the Fuxi Weather System (Wei HAN, China Meteorological Administration)

- (B 18 2 ZE FE R 7I6E9 Al 7]1% o F 2R) JuiAoz tAl oMb &F
Arole] 2= ES TSR] AAIEE 2 dFoMe 4 Hiaeo sddS AASsH 13E o=
A&A < HiolE 7[¥Hdata-driven) sig 9] FAES &&3stol HAlES FHAIE 4 ot 2]
A FEoAE e 79 ie #5 HiojE g TAIT, o] & 5% AAl2 AREEHI o] JE &
2ol 3. UMA] AR A JHEAY 5 5 HI olf2 AREEA] ZehL e AY. &
Aol A Ziger Al B2 7]E ®pA EOE of 208 wh2o, o5 FHEs= 99%Y. HlolH o =3
A oES A stesty St 790 AHE Vet AHT Al V]2 o & RES LAY

Data-driven Global Atmosphere-ocean-land Coupled Model (&8 w4, AStfishy,
Yoo-Geun HAM, Seoul National University)

(Data-driven Global Atmosphere-ocean-land Coupled Model): Al 7|8t @S0 2 AHit=
Yo glom, goe A7t A=g ol of YY) 5oz sgd AY(Y 8). Y 2Ho| m3
HAlA" ud g2 SPYEY, 2 HAE Aubs 49 gi7] 7|8 2Ho] §2 ¥, SX

daidez A2 o] 7[gofle. A& =¥, HY A 9 RN = 54 2o

20| ol $EAEL 9 = 2 AIZE WelolA 2
o2 SagoRi I3t Al o SUE PV V1Y EF 4P ) dumge A5 B
Zub 0h$ SAFSHA Al geloldo] H9l. iyl Sdgh AR S wuch gx] WAS EIS 8
ol o FuMoly Aut |2 SoNE ke AMstes ¥ HY ME LE FHF U ]
Mg Yoz stol, ohg DAl S WAL oS, PX JIWOR BE 522 sho AL
2H0R EAY 2 W HAS. T B o AAES A puolMw A AEH, 3
AAEA B 13 OF AAY o L o5 Y5 JjAo] ey

Interpreting Climate Signals with a Self-Evolving Artificial Intelligence Framework
(Fenghua LING, Shanghai Al Lab)
(EarthLink: %4}sto] AI s8) Al 7|49t X]Al E3F Z21Z EarthLink 7§ Y802, =2& U2, A}
AP}t ool ARaL BAE 9

2ol goluzla), =2, A3 Holgg gtz g
ojg) 7l B2 Al it dlolEl2 g o5 mES AASHE Y. Aol HE YoAtg
S 5f Ala®o] x4Foe ssstn /jHE. AEXO2, Earthlink: HME7le} Agxte] 27
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[Ensemble Modeling and Prediction of High-impact, Multi-scale Weather to Decadal

Events]:

(Seasonal Prediction of North Atlantic Sea Surface Temperature Anomalies Using the
LSTM Machine Learning Method): 7|& Eo|tts 2 doAS(NMME) 7]8H9] AE o5& A|H
I A& w2} A5 sHAZF QL. o] JjAXEHY] Yl LSTM(Long Short-Term Memory) 7]
gt 7IAleS 2Ele E85t AR 52 Al O ZAih J0] s 2= HA AR A5 A
FFEAL £5] ENSOoF 22 vy FTFs sR ez Afdsit Age. &9 o& oY
2 gL, Z71R0 WAl S 28 512 AT ChEF LSTM FEZ LHAL 2 9
AT WFe AN 10)

e
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[MJO: Toward Better Understanding and Prediction of Its Evolution, Characteristics,

Mechanism, and Impacts]:

(Alternative interpretation of MJO teleconnection via Dynamical Mode Decomposition):
MJO A% AeA 2A8] otg Aok $4] siAo] obd FAstA A A AsiA et AL,
DMD 7]¥i& EOF fAF &4 7|¥tog 33t s &35l AP C=2 Fourier MRS Fot
oppr JEE F2fsto] AlgitAoz gl ZeE AEE. DMD 2t F 48+ F8 V|9 WHE
X REot 9ARE B3 MRS 1R DMD 2E9] n.g Amssl MO ZAZe] Znpael GAFs
| oaig ZE7F AostA REHW, MJO Aot L0t 2L EW-E45) A Foil50) DMD 25
of st F9€. MJOY A} £=5 dW ofH 7|& WHE Zort Red 7Fs/Ado] ZA] A
A5 4 Aol, olF &l MJO dANE siMa} o Fo] satAler H8Y 4 S Aoz Aot
22 11)

(MJO Diversity in CMIP6 models): CMIP6 7]|& R @lofx MJO Tt Aot E448 HIsH
. MO Rt &%, BE, A& ARF 5 ChpE 54 RRstel Bl 2 Aolg wAlE. 1
1t CMIP6 2252 MJO At EX(standing, jumping, slow, fast)S thdstA A3 sHE 0
o] W Efe} sl g-rh7] FEAE Aegol met Alol7t . Sl Arh M YT A=Y 5
oF el o] ebEE. 9o) Ko 22 L F4 mEo] MO M S4o Fadt ¥ oA,
MJO t©tFd2 71% 229 MO A 52 B7Istes ol 783 7I&o] "3 12)
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[Extreme Events: Observations and Modeling]:

(FA7HsdsZ(PMP)  APgel A9 wd ZI9F FIW):  PMP(Probable Maximum
Precipitation)= 2 S84l QJmeh (Xt T4, & 5) DA Z8&sh= 7IEdolH A37HR1 Y
AR 2 U BAY AEA S8 FUigto] oEste] ubekA 277 ofstal, 7| S ¥et vigo] A
& =X g FZole FAA 7IE tAl 2A] V1R ES 8 AA tiVlEE vrget 22 7]
gt Ao g Agtels FAY. 22 JI8F APde e B4 /9, Al F 0]2(2050, 2090) AlutE] @
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O AS70 (7429%)

[Connections Between Polar-tropical, Arctic-midlatitude, and Tropical-extratropical

Regions]:

- (Motivating mechanisms of the South Asian Jet Wave Train by disturbances over the
North Atlantic in winter): 20X disturbance?t 74&8%& South Asian Jet Wave
Train(SAJW) A8 1te] A/ d-S Potential Vorticity Gradient(PVG)e} oUA] A& g3t HA4
o= YT BRY AolA Faol oF FA So] TAAUA ge] PV B} B of
+ Alsdl-Ew AGolA PVGE S7HAIA olUAI7E g AlFez HFEA A8t 5%
W SAJW7F @7dE o] ofAlot ofAT] A|H(E35] s|Yetop ¥ R Qe B8 F)M V2 R
Hetg dox(2d 13

- (Asymmetries between phases of Atlantic Multidecadal Variability in the CMIP6 models):
AMV= OIS sl 229 24 | 2 WHE oz 72 AA”] a5t 9= U, O

i CMIP6 ZEoJA AMV 9] 9142 &9 fda 28] ¥ d=rt f 33 sigd-gv] o=
Hﬂol g skl Uetue= ddol £ Ed i dollA shF-thi71[(Wind-SST) =A1A A <A
S Ar8o] AMV HIOIRIAEE 2 =29 99l At thA Y thermocline?] A=} =

W ot §50] o sst HelPt AAH o]z QIS o] AMV {40l ek, meEtA, AMV

71 olE AE = 6l sig-ti7] m=s fAYS olsivt BaAA(2E 14)

i |o oo
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[Weather and Climate Studies with High Resolution Earth System Models and High

Performance Computing]:

- (The Global Earth System simulated at 1 km: the large-scale of small-scales): Max
Planck Institute for Meteorology (MPI-M), German Climate Computing Centre (DKRZ),
ETH Zurich, CSCS, NVIDIAZ} #tojst 2 AE = | km oA =9 tf7]-sfF-SA]-HHd& =3t
g A7 AAE RRYs 55 1% 50 A2 meldde AAstnAl 3 ol MPI-M]
ICON Rd& 7]HPOE 5t ETH ZurichQt CSCS_J AlEE whot 7&rE]9l 31, DKRZ9] Levante
H+H A FEI S FE&5to NVIDIA GPUE &dll 229 a4 455 SHastRs. 1 km side
A Al2E 222 ojN 2 apgo] B4 230 Uil T2 A8 Aledold siien oo
2 o2& @FE oA mdeh st AR 7] Al e 238 ddd. 22 &
H e 25 AEA NS 2AE
steole &8 AA(2™ 1)

-~

- (Earth’s future climate and its cloud-feedback simulated at Km-scale resolution): 1.5}]4}
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[Oceanic Big Data and Artificial Intelligence (ai) Oceanography]:

- (BF AT BF 32 B2 £4 W GA) dV] U 257 o5 BAY IRt dnelE o
Tof] o] AW &3t 8 XL (integrated water vapor transfer)S %’E‘,QE ui2ho] "1IsH 7|
ZAL9E 239 e £AY. A L A8 71FLe F2 Lingots 71FS ASE. ogd 1
Coa SugE. WG B, AN HEN)E AERET. 7 ARErdE Loe 1
1 gZol g Re Y= Y. UEYIS P AW 42 5 o 5% YL ALY
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[Machine Learning and Data-driven Methods in Earth and Environmental Sciences]:

- (AL 714 7|2 2R 2%t Nz FI-ol=loly 7id): s AFL40] A2y 9wl 7|E9
=2 79t 719 99l SHAIE =55tal, Al 7[8h BHlz 7]99F GO SN E4S =1
gtA AlERo]dT & e 53] ulF V1% o5 At AIAH QAo AFS T MzE
deolHE 7IE. Y, BAL L5 7R FFsH dAEAQl V] ¥hE RARPE 7HeoH =

Uf-¢ W= A4 & =9, 5129 16009 X] Al&o]do] 7h539t. A2 47|, ENSO

AUk), o7 =2, 40 25 5= 2 AL, CO: 5= 571 A9 7|2 s 8= 7]

& Z2E A e, &3 slY(slab ocean)} A&sto] SSTO| tigt 7] ¢ §h3 HAER A
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[Extreme Heat: Past, Present, and Future]:
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[Application of Artificial Intelligence to Weather and Climate Prediction]:
- 715 A2 2] YEYAARY) Wylo] WAK o2 xoln glonf, oy

Bl i
= AFHeR AT 4 S 2 o2 A9 7% AR Y AEAMHEHT)E =

SAF]
—1 O o 11— T M LIS
YstaL, o2t YEHIZL AAl A 714 ddu Ao 3= A8
- FAl Al 2 DAt E SR|2EH = SHAVE ona o & ZAut sfMo] Foyp "Qst 2 2
H A® JEYI 1E BHL BF A= 715 olsiet Ry o] AAlE ool Fe FAF

O [Poster Sessions]

- (Impact of the thermal contrast between the Arabian Sea and the Iranian Plateau on
the interannual variability of the East Asian summer monsoon): of2ts|o}slf 11-&-o|zh
uE Aol FA dipole MEHo] J4E O FH= 2AH|O AmE [ =5t FotAlor O7] &
gt el WA, 2 Aat Y FokR~dE B2 A 5L EEa 2 5w R A A
da7b e o] tlAY S LBMat WRF 288 Adoja A7 AMAL (2 17)

- (Impact of La Nina on the following summer East Asian precipitation through
intermediate SST anomalies): A& U7t O3 of & FotAlol F4of UX]l= FFS &
qat Ao 55 BEY 4w 2wt Wduc . ooy Bl ZAE” Ae
BAPE wstol BollH £olg7tx] olold. olg Ao MEIEY A/IYY a8 WA 1 2% 5
FopAjotoll 17]Qtd o8 WAL WSt FH= R tE AR e dA fEA(EE

18)

&



3) Exhibition (2.3 19)

- (AF-ATAPAY A FRAAANE AD FE Y B0 WA WS B

- (@F-TANG+BY B2 YRYL [ 0FoiAY 5 e ARFEo] AYste] PRk
1, o4 wado] AGGS 3talg MAd Zulstioy £E Aol Saf. I

AA Aates AEEHA Eed)

2. Relevance to APEC Climate Center’s Activities 22 % A7}

O [Lectures]

- F2-%49 £718H 7hET 240 A RROIN SAChIAOR WSt o £ I3hAbAL]
Mz £7)stE o} gtk JHoA oj5-we] A AH Jjdo] A2 1%, AEAS 74 AWsto]
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o] 5912

O [Scientific Program]
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